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Use Case



Functional Status
in Older Adults

FUNCTIONAL DECLINE

Signals worsening health and higher 

higher care needs.

Increases healthcare utilization and 

and costs.

Guides decisions about palliative care 

care needs.

T H E P R O B L EM

of older adults at DUHS have functional status recorded in 

EHRs, despite large volumes of clinical data being available.

Can AI and machine learning (ML) help predict functional 

status using EHR clinical data?

<10%

The Palliative Early Recognition of Functional Outcomes 
Risk Model (PERFORM) aims to:

THE SOLUTION:

Use EHR data and ML to identify patients with functional decline.

Enable early interventions to address unmet needs and improve outcomes
outcomes.

.



Clustering OARS Functional StatusN=6451

Unsupervised Machine Learning 
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CLUSTER
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850 80 62% (24%)

# PATIENTS AGE MEDIAN FEMALE 1 YEAR MORTALITY

1989 75 68% (16%)

3612 71 57% (5%)

CLUSTER GROUPS BY OARS
FUNCTIONAL SCORES



Patterns of Clinical Markers from EHR
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EHR Clinical Markers Predicting 
Self-Report Functional Status

Severe Impairment 
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Pavon et al , JAGS 2023



Patterns of EHR Clinical Markers

FEATURES (SHAP)

Severe Impairment

• Dementia/Cog Imp

• Hospitalizations

• Mobility Impairment

• Home Health Users

• ADL impairments

FEATURES (SHAP)

Normal Function

• Fewer comorbidities

• No walking assistance

• Fewer Home Health referrals

FEATURES (SHAP)

Mild/Moderate Impairment

• Chronic Comorbidities

• e.g. CHF, anemia

• Multi-morbidity

• Chronic pain

Pavon et al , JAGS 2023

SHAP values

quantify the contribution 

contribution that each 

feature brings to the 

prediction made by the 

the model



Translational Pathway: AI-Driven Solutions for Clinical Medicine
AI developmental lifecycle which transitions technology from algorithm development to bedside use, and takes over 

and takes over five years from concept to implementation.

RESEARCH & DEVELOPMENT

Preclinical Development

CLINICAL IMPLEMENTATION

Clinical Trial Clinical Translation

Identify Need

Al Technique Selection

Research
publication

Regulatory
Approval

Market launch

IP & copyright assessment
Al Algorithm development

& validation

Digital integration
& Product development

Early clinical evaluation
(phase 1 & 11)

Health economics 
analyses Adoption &

Reimbursement

Scaling & Surveillance

C linical trial evaluation
(phase III)

Data collection
Explainability

Pavon 



Ambient AI are tools that use 

g enerative A I to  transcribe m edical 

g enerative 

encounters between a clinician and patient 

patient into medical notes.

These tools capture conversations between 

patients and clinicians, organize the 

information, and integrate it into electronic 

health records (EHRs).

FUTURE FEATURES INCLUDE:

• Suggesting LOS and CPT codes

• Pending orders

• Updating diagnoses

• Preparing prior authorizations

Ambient AI



Through a preliminary survey, about 96%  of 

physicians reported that the technolog y was 

use, and 78% reported that it expedited clinical 

clinical note taking. About two-thirds reported that 

reported that it saved time. 

"That's the win here," said Gary Fritz, chief of 

applications at Stanford Health Care. "An hour 

hour saved, for instance, can help rebalance a 

a provider's too-often overburdened day and 

and cognitive load." 

Ambient AI Technology in 

Clinical Care



Potential of Generative AI 
Chatbots in Geriatrics

Self-
management

Therapy

Complex care 
needs

Health information 
information 
collection

Health monitoring
monitoring

Training

Education

Counseling

Social engagement

PURPOSES OF 
CHATBOTS

This Photo by 
Unknown Author is 
licensed under CC BY

https://www.openaccessgovernment.org/article/health-wellbeing-older-age-people-innovative-technology/155334/
https://creativecommons.org/licenses/by/3.0/
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FAME: DEPRESCRIBING 
Electronic Case Review for 
Older Adults at Risk for Falls 

15

VA Patient Safety Center of Inquiry

VA Deprescribing Collaborative
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gsa2025.org

FAME Program Methods
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gsa2025.org

RETROSPECTIVE

N=100 patient cases

Generative AI deprescribing recommendations 

      vs. 

FAME deprescribing recommendations

Safety and Harm

Generative AI, Large Language Models
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Generative AI Platform VA GPT

Prompt Generation

R - Role:

Designate a specific role for the AI to act as.

I - Instructions:

Outline the action the AI should take.

S - Steps:

Give exact, sequential stages for the 

desired action.

E - End goal:

Detail the desired objective or outcome 

of the task.

N - Narrowing:

Provide constraints or specific 

requirements (e.g., length, tone).
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Prompt Refinement

Original Prompt

I am going to give you a scenario about a hypothetical older 

patient who is seen by a primary care provider.  I am going 

to ask you to provide recommendations for deprescribing. 

Please provide detailed recommendations for deprescribing 

for this patient's falls-related medications. Please select top 

3 medications to deprescribe. Please give tapering or 

discontinuation instructions if applicable.

Revised Prompt

I am going to give you a scenario about a hypothetical older 

patient who is seen by a primary care provider. I am going to 

ask you to provide recommendations for deprescribing. 

Please provide detailed recommendations for deprescribing 

for this patient's falls-related medications. Please select top 

3 medications to deprescribe. Please focus on CNS acting 

medications over cardiovascular medications. If an 

anticholinergic is among the listed medications, 

consider selecting this medication as one of the three 

recommended medications for deprescribing. Please do 

not focus on opioid medications. Please give tapering or 

discontinuation instructions if applicable.
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VA GPT Output
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Agreement and Concordance Statistics (FAME vs. VA GPT)

Observed Agreement
(Concordance)

S
c
o
re

0.7132
0.6948

Cohen's Kappa (K)

Substantial Agreement
Threshold (0.61)

Proportion of 

identical 

classifications

Metric

accounting

for chance 

agreement
VA GPT demonstrates high 

reliability for individual drug 

identification but low fidelity 

for providing an entire, 

perfectly concordant list of 

recommended medications at 

the patient level. 
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Results
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Medication (FAME vs. VA GPT)

Review Outcome: Agreed (Concordant) Disagreed (Discordant)

Trazodone

100.0%

100.0%

100.0%

100.0% 100.0%

95.7%

87.5%

75.0% 75.0%

21.4%

0.0%

Nortriptyline Cyclobenzaprine Diazepam Quetiapine Gabapentin Clonazepam Sertraline Prazosin Cetirizine Terazosin
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HELM CRITERION AI CORE FINDING SAFE INTEGRATION TAKEAWAY

Accuracy
Consistently and correctly prioritized high-risk CNS

and anticholinergic medications for falls
Excellent for initial risk screening and prioritization

Uncertainty
Mandatory cautions for gradual tapering and close 

monitoring for withdrawal.

Requires mandatory human clinical vetting before 

implementation (Clinical Decision Support only)

Efficiency
Rapidly generates structured, multi-week tapering schedules 

and non-drug alternatives

Streamlines clinical workflow by providing immediate draft 

plans and supportive measures

Fairness/Bias
Targets common, risky off-label prescribing (e.g., 

Trazodone for sleep) prevalent in geriatric care

Helps reduce continuation bias by flagging high-risk, 

chronic convenience prescribing

Patient Education
Consistent inclusion of non-pharmacological alternatives 

(CBT, physical therapy, etc.) to support deprescribing

Enhances care by integrating holistic, non-drug support 

directly into the plan

Content Analysis of VA GPT Output



AI and Clinical Research

Aging must be part of AI 

advancements, with models that 

older adults can understand and 

trust.

Build AI + Aging Community

Match Ideas with Resources

Translational Pathway Algorithm to Bedside

A I tools are like frog s -  som e turn into  princes and 

worth pursuing , while others are not.

Focus on tools that work and move forward
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